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k

k
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n
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Y1 = w0,1 · X0 + w5,1 · X5

X0 X5 Y1

one SIMD register (4 elements)
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Each slice fits into cache
Improves overall performance

Ideal (linear time) Measured
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Multithreading

Naive multithreading does not increase the performance
Workload distribution methods in the paper

Fine-tuning parameters is essential for performance
Number of slices
Number of threads
Cache size
Cache architecture

$ Guidelines in the paper
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isec.tugraz.atResults & Comparison

Benchmarked our code on 3 CPUs:
Server-grade EPYC 9754
Server-grade Xeon Gold 6530
Consumer-grade Intel Core i7-11800H

Similar speedups on all tested CPUs
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